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Fig.1 Relationship between big data and
intelligent manufacturing
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Fig.3 Structure of big data analysis system in intelligent workshop
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Review on Key Technologies of Workshop’s Big Data
for Intelligent Manufacturing

MIN Tao', LENG Shengl, WANG Zhan', DAI Zhiqiangl, YANG Xianggui2
(1. College of Mechanical and Electronic Engineering, Nanjing University of Aeronautics and Astronautics,
Nanjing 210016, China;
2. AVIC Changhe Aircraft Industry (Group) Corporation Ltd., Jingdezhen 333002, China)

[ABSTRACT]

and more intelligently. A large number of data acquisition equipment has been utilized in workshops, collecting mass data

As Intelligent Manufacturing gets great support, the manufacturing industry is gradually developing more

of the production. By analyzing these data, big data technology can give full play to the value of data, raise the management
level, and improve the competitiveness of enterprises. Combing the applications of big data in manufacturing enterprises,
the framework of big data processing platform in intelligent workshop is put forward. Based on data integration, data pro-
cessing and data analysis, big data technology is fully discussed, and the direction of its application in workshop is pointed
out. Big data technology is of great value to the production in the intelligent workshop and its wide application will bring
great changes to the industry and boost the development of intelligent manufacturing into a new stage.

Keywords: Intelligent manufacturing; Big data; Data integration; Data processing; Data analysis
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Digital Twin-Based Production Management and Control Mode for
Aircraft Assembly Shop-Floor

CHEN Zhen, DING Xiao, TANG Jianjun, LIU Yusong
(AVIC Chengdu Aircraft Industrial (Group) Co., Ltd., Chengdu 610091, China)

[ABSTRACT] The interconnection between the physical world and the information world in the aircraft assembly work-
shop has become the trend of aircraft assembly intellectualization. Digital twin is an effective technology to achieve interac-
tion and integration between the physical world and the information world. This paper analyzes the development of the air-
craft assembly shop-floor and expounds the characteristics and problems of the aircraft assembly shop-floor. On this basis,
the framework of digital twin shop-floor for aircraft assembly, which covers the physical assembly shop-floor, the virtual
assembly shop-floor, the twin data of the shop-floor and the assembly shop service system, is proposed. The key technolo-
gies such as real-time perception and acquisition of the physical assembly shop-floor data, modeling and simulation tech-
nology of virtual assembly shop-floor, digital twin and data-driven of the assembly production management and control are
illustrated in detail. This study will provide reference for intelligent manufacturing in aviation industry.

Keywords: Aircraft; Assembly workshop; Production management and control; Digital twin; Intelligent manufacturing
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